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A=V AT LA ETO PMML ETIL D
1% FF

ZDA—T T, InterSystems IRIS® T —# « 75’7 4 — A2 8D PMML (Predictive Modelling Markup Language)
ATV R — O i 5 1EIC O W CERIAL £,

de B
IR

PMML. (Predictive Modelling Markup Language) 1%, ST ET V43K 97200 XML R—2ADEHETY, 77— g
UHEHBIOT —H A= T BT VA RICEE B L O CEAINCER T DO DI EE L E T,
EF VB R T A DITFEFHESNA5HTY — /L (PMML:R, KNIME, SAS. 3L TR SPSS 728 > — /L) 1% InterSystems
RIS F721% 7 uX s ar B TSNS Y — VI T —F T 7 F v IS REL B2 DT80 ZOREMENRF IR B
7

— B2 FVATIL, T = A= T A AT — V2 FE AL CRBEOBR T — X SW T —Z -~ (=
VT TNVEAERLET, ZOFTEZEDH PMML I/ AR —hENET, ZOET /UL, EITHEREICREL
T ZBEIRETHEITL, ET NDOX—F b AN OfEE T RITHIENTEET,

FEAIIL, http://www.dmg.org/ #Z ML TTZE0,

2 InterSystems IRIS T® PMML D H7R—Fk

InterSystems IRIS [ZLA FD LI PMML 4.1, 4.2, 4.3, BLN 4.4 OFEFTHF R —1 24l £,
PMML EF /L2385 %DeepSee.PMML.Definition DY 7752 Téh% PMML EF /L VT AR EZRETEXET,

ZDIFAPRALNNANENHEEIT, VAT MIZLOTIRBR SN TWDET Va2 FATT DD L B pa— %
AERLET,

InterSystems IRIS (%, $8ELT=T —F ASNTEDNT, BT NVEFEITTH720D APl 2L £,
InterSystems IRIS 1%, APl & 429 7 VDT AR R—=U %R ET,

21 HiR—hEhTWEETIL

InterSystems IRIS X PMML 4.1, 4.2, 4.3, 4.4 BXOLL FD PMML 5 V&P R—RLET,
Naive Bayes &5 /L (https://dmg.org/pmml/v4—4-1/NaiveBayes.html)
[B]J&FEF v (https://dmg.org/pmml/v4—4-1/Regression.html)

7ty U 7BE B LN M AMTAE RS — R EFE TV (https://dmg.org/pmml/v4-4-1/GeneralRegres—
sion.html)

ANTFETFTNAERSYY—FF L (https://dmg.org/pmml/v4-4-1/TreeModel.html)
AR 2R —bCTHAHTFARET /L (https://dmg.org/pmml/v4—4-1/Text.html)
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http://www.dmg.org/
https://dmg.org/pmml/pmml-v4-1.html
https://dmg.org/pmml/pmml-v4-2-1.html
https://dmg.org/pmml/pmml-v4-3.html
https://dmg.org/pmml/pmml-v4-4-1.html
https://dmg.org/pmml/pmml-v4-1.html
https://dmg.org/pmml/pmml-v4-2-1.html
https://dmg.org/pmml/pmml-v4-3.html
https://dmg.org/pmml/pmml-v4-4-1.html
https://dmg.org/pmml/v4-4-1/NaiveBayes.html
https://dmg.org/pmml/v4-4-1/Regression.html
https://dmg.org/pmml/v4-4-1/GeneralRegression.html
https://dmg.org/pmml/v4-4-1/GeneralRegression.html
https://dmg.org/pmml/v4-4-1/TreeModel.html
https://dmg.org/pmml/v4-4-1/Text.html

PMML ETIILEESTL IS ADIER

PR —h e X Z— < (SVM) E5 /L (https://dmg.org/pmml/v4—4-1/SupportVectorMachine.html)
IIGAHEN T T )L (https://dmg.org/pmml/v4—4-1/ClusteringModel.html)
RuleSet &5 /L (https://dmg.org/pmml/v4—4-1/RuleSet.html)
=a—F)Le Ry T —27«F5 )L (https://dmg.org/pmml/v4—4-1/NeuralNetwork.html)
InterSystems IRIS | <M ni ngModel > ZFEH YR —ILET, ZHUL, “ETNLOET AT —rar” (FRIONRT
A& LEFAEDITEBROETT VO HEEESTH 7 atR) 2L ET, hitps://dmg.org/pmml/v4-4-1/Multi-

pleModels.html ZZ& ML TZEV, InterSystems IRIS 1% “ET/UEE” OFEEZV R —R A, ZOFIEITIEHE
LI TVET,

22 HPHDYUTIL

Z DO~ —TlE Samples—Data-Mining > 7 /L (https://github.com/intersystems/Samples—Data—Mining) Zff FI L £
T 7T EHOR—LAR—Z (SAMPLES 728) Z{ERL T, Z DR —LANR—RIrn—RT 522 B EI0 L
F9, A7 TFNEIL, “InterSystems IRIS THEHA T2 7 DX m—R” 2B TITZIN,

ZOV I PRSI S ABE DY TV Th D Iris T —F By hOat —RNEFNFT, Iris 7 —X -
Yo, Bed 3 HOHLHK 50 ATBITHIERBLOD FHIEORIEMEERILLF4, ZOORIEEIE. H
LOOREE RS THILET,

BT IO E% . DataMining PMMLIris 77 AN T PMML 7 V2 TEEd, Z0OI7F7 A3 LLFOETFILE2E
i PMML EREEHHET,

LB LU REMIZE SN T, HRDOFE TFHT LY —-ET L
TEFE, AR EMBLOREICIESNT, KA DOESE TS —FEFEET v

3PMML ETILEELI7ADIER

PMML E7 V&G T2 7 ADIERR T 2 FNRIZLL F D LB TT,

1. PMML EF /LT Ak R_R—2 (ZOR_R—ITHER) ([T 7BALET,
ERER] 270> 7L E T,

[V5R4] T, ERE/MITALE ANTILET,

[PMML 774 L] C, [B8B] 22Uy 7L T, PMML 77 A /L& @RI £,
[(AVR—K 27V 7L ET,

[ 2 S )

AL B =V AT DK« AR Visual Studio Code & ObjectScript JLAEREREZRE @ IDE Z{# AL

T, %DeepSee.PMML.Definition DY 7 7T AZAER L £T, ZDZTATIL, PML EVWD4FITD XData 7 1y 7 a2 AR
L. % ® XData 7' oy 272 PMML E#EAZBVAHTET, 20 XData 7o ZIZ% LT, L FD X912 XMLNamespace
F—U—RERELET,

XM_Nanmespace = "http://wwm. i ntersystens. conl deepsee/ pnm "

ERENL, BT L 7T A DataMining PMMLIris ZZBBL TIEE W, LU, $4ra7efh <,

Class DataM ni ng. PMML. Iri s Extends %DeepSee. PMWL. Definition
{

XData PMML [ XM.Nanespace = "http://ww.intersystens.conl deepsee/ prm " ]
{
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https://dmg.org/pmml/v4-4-1/SupportVectorMachine.html
https://dmg.org/pmml/v4-4-1/ClusteringModel.html
https://dmg.org/pmml/v4-4-1/RuleSet.html
https://dmg.org/pmml/v4-4-1/NeuralNetwork.html
https://dmg.org/pmml/v4-4-1/MultipleModels.html
https://dmg.org/pmml/v4-4-1/MultipleModels.html
https://github.com/intersystems/Samples-Data-Mining

PMML ETIILERETTH=HDTARR—D

<PMWL version="4.1">

<Header >

<Ti mest anp>03/ 07/ 2013 11: 54: 41</ Ti mest anp>

</ Header >

<Dat aDi cti onary nunber O Fi el ds="5">

FROM Dat aM ni ng. | ri sDat aset </ X- SQL>

</ X- SQLDat aSour ce>

</ Ext ensi on>

<Dat aFi el d nanme="Pet al Lengt h" di spl ayNanme="Pet al Lengt h" optype="conti nuous" dataType="doubl e" />
<Dat aFi el d nanme="Pet al Wdt h" di spl ayNanme="Pet al Wdt h" optype="conti nuous" dataType="double" />
<Dat aFi el d name="Sepal Lengt h" di spl ayNanme="Sepal Lengt h" optype="conti nuous" dataType="doubl e" />
<Dat aFi el d nanme="Sepal Wdth" di spl ayNane="Sepal Wdth" optype="continuous" dataType="double" />
<Dat aFi el d nanme="Speci es" di spl ayNanme="Speci es" optype="categorical" dataType="string">

<Val ue val ue="|RI S- SETOSA" property="valid" />

<Val ue val ue="I|RI S- VERSI COLOR" property="valid" />

<Val ue val ue="IRI S-VIRG NI CA" property="valid" />

</ Dat aFi el d>

</ Dat aDi cti onary>

OV T NNDOREBIOERIOWNTOFEMIL, ZON—VHADHIRD “HRow 70" 22U TLTESN,

FREZR AT AT T 40—V RA M 50 SCFRTMITR DI L TLIEE W, ZNEVEWT 4 — LR s R — RS ES
B, BEWT = ARG ETHETITRELNELCE T, T2, ARSIz SQL ANT R - T ay— V¥ /ol OFFE
DIURRAUFTH, HIRENTZEEDF DO BN I R =S, BV SIEIIETCONT—EOBEB IS E
7,

31 YR—FENTWST—2-T493aF LR
InterSystems (X, <Dat aDi cti onary> EFENT 2 fiffiD <Ext ensi on> EFEZ VR —KLET,

<X- SQLDat aSour ce> i, SQL ZxVIZFHT 257 —& V—AZERLET, TOEFRIL, SQL 71— /LEMb
PMML EFEND T —H 74— LR ~D~ o 7V EHRLET,

fERFNT, D7 T 2B LU TLZEY, DataMining PMMLIris

<X- DeepSeeDat aSour ce> |%, R ESNIZFa—T DAV XY —LT 4 A VaL )b PMML EFRNOT —H « 74—
NRA~D~E L T HEFRLET,

32 EpiEnt=U52

PMML 77 A (PackageName. ClassName) Z3L /3NA /L9 5L AT AILLTOITAEAERLET,

PackageName. ClassName. Dat a (%, ET V&2 FETTH-OICNELRT —H 2R LET, ZOZTA T, PMML &
2O <Dat aDi cti onary> ZRIZKHEL TWET,

PackageName. ClassName. ModelName 1. 7 VA £ LFT,
ZDITAFET NEFATT DI DAy RERELET,

PackageName. ClassName. ModelName. | nput 1%, f8 ESNZET VDO AN =R LET,
PackageName. ClassName. ModelName. Qut put (%, f§ ESN-ET VO TERLET,

InterSystems IRIS I, ZNHD 77 2A&EFE AL TET V2 FEITLET,

4 PMML ETIILEETTAHDDTANR—=Y

InterSystems IRIS I, L —R DO Xy FF- T H — AL a—RIZxT5 PMML &7 VA2 EZ(TTA57-DICFEH TS
T AR A_R—=TVERMLFT, ZORX—VIZT VAT HFIETLL FOLEBY T,

AVE—VRTLRBERTO PMML ETIILOFEA 3



PMML ETILERITT B=HDTAR—=

1. EPUR—2VEREET,
2. WYpR— AAR—R TR F9,
3. [Analytics]—>[*Y—IL]=[PMML EFIL-FRA—] 2707 LET,

A1 YT FTILTAMNR=Y
WRDIEHIpR—UNEIRENET GEROHIZETR),

PMML Model
Model «

Data source -

Custom data source

ZON=VEGERT LRI FOLB T,

1. [BE 22Uy, BT T AZEIRLT, [OK] &2V,

2. [EBETN] Ry T H Y UANPOET VATV LET,

3. [T—ABY—=RI Ry 7 X VAN T v ar ks LET, A7 va AZZLL FTOLONRHY £,
[P T2y — BT AN INTY — R T — 2 &R IR ET,

[¥21—T-3vEVJ]— T /LD <X- DeepSeeDat aSour ce> EHRAENLET (H2%H), ZDOX—UT
AIRL7Z “VHR—hENTNDT =4 T at VikiR” 22U TIZE,

[HRBLT—H)—R (SQL)] — La—FRDEy M35 SQL 7=V&2 A JJ TEHI0ITLET,
4. [HRBL-T—5-Y—Z (SQL)] ZEIRL7-84 . SQL SELECT 7xV% [HRA L -T—Z-Y—R] IZASHLFET,
5. [E1T]1 #0Vv 7L FET,

InterSystems IRIS (XL 2 —R OV IR ULERZI T, fE RO EZFRUET, ST ET VICL>TRRVET, UL
T ERLET,

4 A=V AT LXEGTH PMML ETILOERA



PMML ETIILERITT B=HDTARR—=

Test results

Error distribution

03
B1AL |
= 161-242 |
Craam ]

0.0 50 10.015.020.0 25.0 30.0 35.0 40.0

Value distribution

Record count: 150

Sigma: 0.30
RSE: 0.1353
R2: 0.8647

F.00

6.50

6.00 —

5.50

Predicted

4,50 |

4.00 |
4.00 4,50 5.00 5.50

42 B— AALI—RDTAM A=Y

6.00

5,50 7.00

H— AN a—RTET VAT AN DZEL AR T, ZO72DIIE, [FAN ZMLET, L FOLS e (7 ns Ry

JANFRSNET,

AVE—VRTLRBERTO PMML ETIILOFEA
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PMDML Model test page

Data object Model

Species
missing Predicted value:
Petal Length
missing Trace info:
Petal Width
missing
Sepal Length
mMISsIng
Sepal Width
missing

[F—2-F TR VARSI TND T 4—/LRiE, PMML DT —H « 7 — /L RIZRHGLE T,

ZONR—=VEFERT AL, [BETI] Fay P E T RS ET VEEIRLET, ZOFT /UL, EOT7 11— /LRBA
N7 4—=NWRTHLINHITT7 4=V RTHIDERTELET, AT 4—ARIUEE AT LET, TXTOAIMEE AT
THE, = FEESNTETETADOH N T 4— A RO T RERFRRINET, UL FIZZF06 T3,

PMML Model test page
Data object Model
DecisionTree (Tree) -
Species
missing Predicted value:
Petal Length 4.9 IRIS-VERSICOLOR
valid
Petal Width 2
S predicted value: IRIS-VERSICOLOR
Sepal Length 65 probability: 1
valid
Sepal Width 35 Trace info:
valid Rank Info
reset ] Tree node 1: (SepalWidth greaterThan

"3.1450000000000004618™)
Tree node 3: (PetalWidth greaterThan

2 "1.3349816849816849018")

3 Tree node 7 (Sepallength lessThan
"6.5753846153846158273")

4 Tree node 13: (Petall ength lessThan

"5.0525000000000002131")

6 A=V AT LXEGTH PMML ETILOERA



J0455L12&% PMML ETILDET

5 J7O4S5LI1Z&D PMML ETILDEST

InterSystems IRIS Tid, PMML &7 /L& EITTH7-0OIH HTED APl HigfitL 97,

5.1 B— AALI—REEDETILOEST

Bl a—FOFRIET VEETTHITE, BLFOFIRIHENET,

1. ApEN7-27F A PackageName. ClassName. ModelName DA > AZ L ZHAERRLET, ZDITAL, BT Va2 FELT
THEOIHEHTEDLA YR ETERLET,

2. ARSIz 7 A PackageName. ClassName. Dat a DAV AZ L AEAER L, EDTaRT 4R ELET, ZDA
AZAD BN AMEZEHHZETT,

3. ET AU ARFAD %ExecuteModel() A REFONHLET,

Met hod %Execut eModel (ByRef pData As %DeepSee. PMWL. Dat a,
Qut put pQut put As %DeepSee. PMML. Model Qut put) as %St at us

pData CTiZ, A7 7 2 TER LI=T —& - 47 V=7 e L ET,

ZOA YR, IR EL T, ET VO %S T %DeepSee.PMML ModelOutput (D2 AKX A% IR L ET,
BURMZIE, ZHURR ESNTZET VD ERRKE T2 7 A PackageName. ClassName. ModelName. Qut put 1>~
AB AT,

4. WHOFMER AT HIZIL, ZWRITE 2 HLET, pOutput A7 =ZME, ET/VEFKLD Output> EFENOD
% OutputField> {Z®LT 1 DD7 37 4% & B F T, <Output> FENR2WIEGE L, pOutput (X, FHISNT=
MiningField> BEHEDHZ IR ESNT-H—T 4 — L REEHET,

HDUE, PMML EFENIZ <X- DeepSeeDat aSour ce> 45 E L7413, %ExecuteModelDeepSee(QZff L £77,
IFGANT 7L U A B R TLIZEN,

52 ANWLA—RDN\YFERDETILORET

AN aZ—=RONRyFEFHESTRET NEFITT DI, %DeepSee.PMML.Utils ™
%RunModel(). %RunModelFromResultSet, £7-1% %RunModelFromSQL 2 H L F9°, ZHD Ay R, THIF R %
%DeepSee PMML Utils. TempResult 5 — 7 /LIAREL £,

6 InterSystems IRIS EVRR ATV TV AT PMML 2{EF
IHHDA Ty

ZDE I a2 TlL, InterSystems RIS BV R A ATV 2 AT PMML Z{FE T 5720 D4 7> 5129 CEA
LET,

Analytics E R T —T LB DOE T ILOREH L
FEAAMZ P HIZZ 05
X o —T ~OFEFRDOTI AR —k

BB F#IL, “InterSystems Business Intelligence DET VD EFE” ML TTZEW,

AVE—VRTLRBERTO PMML ETIILOFEA 7



InterSystems IRIS ES R R ATV AT PMML 2 BT 5604 T3>

6.1 ERRYN-T—TILMSDETILOREURHEL
PMML EF5 VA E Ry ke T —T )LNNBRE T ZENTEET, ZD7=0O121E. $KPI Bzl 25 H AL %
EFL T %DeepSee.Plugin.PMML 757 AL BN L ES, LT O SCAFE AL ET,

WP (" YeepSee. PML", fi el dNane, seri es, "PMW", model A assNarre, par mi\anel, par mVal uel, par m\ane2, par nval ue2, " ¥600ONTEXT")

PUFIZEDORATY,
fieldName 13, InterSystems IRIS PMML &7 /L« 772D J) 74— VRO 5 &4 TT,
series |3, 7TV AL NDORY| (1T) DA T2 ar OF 5T, 1 Z48ET D0, ZO5 BB L ET,
modelClassName (. InterSystems IRIS PMML €5 /L« 7 AD 5| &4 T9,

parmNamel . parmName2 (LLFE[AIER) 1Z. %DeepSee.Plugin.PMML 757 AL D /RFZ A= DA 7 a0 DB | AT
EDA/RITT, NTA=FL TIIRILFE/NLCFRERISNAHZEITIER L TLTESV, %DeepSee.Plugin PMML ~*
FTA AN, LT DORTGA—=H IR ELET,

- "Ygube" — ZD KPI NEITEINDFa—T R ELET,

- "Model Nane" — E{TI2ET NVOAFIZIEELET, FEETLHE . UHBESNIZET V- 7T ADE
TN THLULENRDYVET, ZZADERICT DL, ZOIVFADKRMYIDET VIRFATSIET,

- “aggregate" — SEIERTV 7/ MMA TP RSN AEEALR T HIEEEELET, M1 TEe/eff
1%, "aver age" (BEEML), "sunt' | "max" ., “m n" . " maxFreqVal ue" . " maxPr obVal ue" . " nm nFreqVval ue"
BIO"mi nProbval ue" T,

HHNT 4= VROEH DT R CTEREFESLITRVEE A,
- "Nul | Val ues" — fEBAHEET5HLXIZ NULL TPHHEZ Z O E00 8 ELUET, 81 W he/ Ml
i%, "ignore" (BEE) £/2id "count” T,
INTA—=BEVANT ANEFEIL, BRI ELET A,
16 HETHORTA—RLZDEZIRETEET,
parmValuel, parmValue2 (LLFERIEE) 1%, £ BT &7 4N ZDO%HE T,
FEER7: UCONTEXT /T A—2&i f358 HHLZWG ST IERINA 72V Da L TXANRT T A THEEIN
F9, FEIE. “InterSystems MDX U7 7L 27 @ %KPI BI¥a SR L TS0,

BIZIE, LT OB SCEERAL T, H—ET VOANEEN TS Test . MyModel EWVIHIARTOPMML €5 /L« 75 A
DO FI7 4—F WFi el d OFEEIEEZTIGLE T,

UKPI (" YDeepSee. PMWL", "MFi el d",,"PMW", "Test. MyModel ", "aggregat e", "average", " % CONTEXT")

6.2 Analytics ') ARZ PMML FHIZ 565

La—R LU PRI AMZE O HI21E, VAR 7202 $$$PMML h—20 2 AL 4, ZDh—2713, PMML
BRI TALBIOET N T TAS) NG A—HELUTHERALET, 7 var® 3FBD518EL T, 72VIZED
LT HIBSRE DA R A TE T ZENTEET (ZOFIFUIBEET "predi ct edVval ue" |2 ESIVTWET),

IR, ZO=7 23DV AR 7 2D EFRARLTVET,

User| D, Total Wagered, PercentlLost "Lost % , $$$PMVL[ MyPMW. Poker, Percent Lost] "Predicted Loss %

8 A=V AT LXEGTH PMML ETILOERA



InterSystems IRIS ES R R AU TYC IV AT PMML 2 B3 5004 T3

6.3 Analytics F1—TADN\YFHEEDIHIAR—F

A aZ—=RORyTF RS TRIET NV EFITULEIC, BRES 2T I AR — T AIENTEET, 2047
LA ALEY, FERERIO FIETHRALTHI LN TEET, F2—7 12, Act ual Val ue & Predi ct edVval ue @ 2
DO ~ULRHNET,

ERAX2—T I AR =T 2121, PMML 7 A R—=%F L T [THORR—K] 227U 7L E 7, InterSystems
IRIS (ZXD, LLFOIFHR RO HIVET

[THORR—N = [T—BDH] $72iF [VFRET—R1ERRLET,

fERISRB] — MRDESAENDK TADALHIEIEELET . UL, Fa—T DY =R 7T AELTHEM
ShET,

[V—RIS5ZAAD) Y] — V=R L a—FREaie /T A% ELET, R/ T7 AL, 20T 2% 59 Record
LUVIOERIDOT T 4N E ENTWVET,

[T—5ZHIBR] — =7 AR = M FATT ORISR T A (FERIFARA] 22255 I e IR 3, 6
LI AR— T BT —HERERITA T —T VOKRBIZEMTHGEIIZINEIITLET,

[(Fa1—TR]—Fa—TOmBAZIELET,
[(Fa—T-U3RE] —Fa—TDITALERELET,
[V5R%& EEE] - O AR =M URNCEITHE AT HLWT —FEERTENLD I T 2% LEESTLHHEE
(ZZNZBERLET,
FRESNI X 2—T R TED [Fa—T DRI ¥ A7 0 Ry 7 ZANFEREINET, [EILF] £203 [FrotiL]
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